MREFX

ET H IR R NIRRT far REBUR TN 75 5

R, HEE?, B
(1. BEAZ G AR B AR RS, #d KV 410205;
2. PEEAFERKEELEA RS, LF 100052)

B E: MEZMIEARERANEN, BORGLEAREERE. RN, SEMERNASGEE. A
TR, R A Sk BN F P 5 P A 7 A T A K FRL I RN RIS AT R R PR R R B (R . R T
— AN R K 1 H R S e R B T 2, 1% 07 SR R RS R R AR TR B, TR E S
Y FOM R BN AR 6 R B 2 AT AR A OSSP R AR AR HE s IR T — AR AZ 8 A
PAZRERY, 0 8 Sunr 20 A FE T R K 24 h BO0E /MK s s e A A — A3 8/ X RO 28  rEL SR a4
ot 4 L P S A 67 Ay FOUARE 250647 T AR, A6 FH 807 MR 22 RSP 3 46 1 43 LR 22 A Fib, O BL T T 4SS
RSP Rh 2 SUEE RO VERE, I0AE T BT R A R

KR TR KAENNRCIZME; BT g, B3 KR

FEDES: U416.216

MEAFRERD: A

doi: 10.11959/j.issn.1000-0801.2022292

A big data framework for short-term power load
forecasting using heterogenous data

ZHAO Haibo', XIANG Zhijun?, XIAO Linsong'

1. Willfar Information Technology Co., Ltd., Changsha 410205, China
2. China Electronic Power Equipment and Technology Co., Ltd., Beijing 100052, China

Abstract: The power system is in a transition towards a more intelligent, flexible and interactive system with higher
penetration of renewable energy generation, load forecasting, especially short-term load forecasting for individual
electric customers plays an increasingly essential role in future grid planning and operation. A big data framework for
short-term power load forcasting using heterogenous was proposed, which collected the data from smart meters and
weather forecast, pre-processed and loaded it into a NoSQL database that was capable to store and further processing
large volumes of heterogeneous data. Then, a long short-term memory (LSTM) recurrent neural network was de-
signed and implemented to determine the load profiles and forecast the electricity consumption for the residential
community for the next 24 hours. The proposed framework was tested with a publicly available smart meter dataset
of a residential community, of which LSTM’s performance was compared with two benchmark algorithms in terms of
root mean square error and mean absolute percentage error, and its validity has been verified.
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